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Abstract: The asymmetric faults often cause the power grid current imbalance and power grid
oscillation, which brings great instability risk to the power grid. To address this problem, this paper
presented a modeling and parameter optimization method of grid-connected photovoltaic (PV)
systems, considering the low voltage ride-through (LVRT) control. The harmonics of the grid current
under asymmetric faults were analyzed based on the negative-sequence voltage feedforward control
method. The notch filter was added to the voltage loop to filter out the harmonic components of the
DC bus voltage and reduce the harmonic contents of the given grid current value. The proportional
resonant (PR) controller was added to the current loop. The combination of these two components
could reduce the 3rd, 5th, and 7th harmonics of the grid current and the output power fluctuation.
Then, the parameters of the inverter controller were identified by the adaptive differential evolution
(ADE) algorithm based on the sensitivity analysis. The effectiveness of the proposed method was
compared with two other strategies under the asymmetric grid faults. The suppression of DC bus
voltage fluctuation, power fluctuation, and low-order harmonics of the grid current all had better
results, ensuring the safe and stable operation of the PV plant under grid faults.

Keywords: photovoltaic systems; asymmetrical fault; harmonic analysis; parameter identification

1. Introduction

With the increasing demand for clean, safe, and efficient energy systems, the photovoltaic (PV)
technology has attracted extensive attention [1–5]. In 2003, the requirements of low voltage ride-through
(LVRT) for wind farms were added to the German grid code. Now the grid code has also been applied to
the photovoltaic (PV) system [6]. The PV system should keep its connected mode once the fault occurs
unless the fault causes the power system instability, and its inverter should make a rapid response
to the fault. Therefore, the grid-connected PV inverters have been implanted higher requirements,
especially those on the control under asymmetric faults.

Scholars have done a lot of research on the LVRT of PV generation systems. In [7], the conventional
power closed-loop is adopted to maintain the power balance between front and rear stages for PV
generation systems, which do not consider the asymmetric faults. However, the asymmetric faults
appear more frequently than symmetrical faults in the actual grid operation. The grid current contains
a large amplitude of negative-sequence components for asymmetric faults, which can lead to a high
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imbalance and harmonic increase of the grid current [8,9]. As a result, the inverter cannot operate
stably. Therefore, the control strategies have been proposed to improve the LVRT capability of the
inverter, such as the proportional-resonant (PR) control [10], the fuzzy logic control [11], and the
coordinated control of PV energy storage system [12].

With the development of digital signal processing technology, complicated control strategies
are applied to grid-connected inverters, such as the sliding mode control [13], the model predictive
control [14], the neural network control [15], etc. To reduce the complexity of the control system,
a robust control strategy without a phase-locked loop is used [16], which reduces the adjustment efforts
of additional controller parameters. The negative-sequence feedforward control strategy in the d-q
coordinate system has been proposed [17], but the negative-sequence voltage component is still not
well suppressed. The existing researches mainly focus on the suppression methods of active power
fluctuation [18], reactive power fluctuation [19], current harmonic [20], or combined targets [21,22].
However, there lack effective methods that can precisely analyze the harmonic components of
various variables and suppress harmonics on the premise of power fluctuation suppression under
asymmetric faults.

It is essential to obtain the parameters of the PV generation system [23]. Researchers have
tried to use the heuristic algorithm that has no strict requirements for the objective function of
identification [24–26]. The identification focuses on the parameters of PV arrays, controller, or limiters
of PV inverter [27,28], but less for the LVRT control parameters. The LVRT control should be contained
for the inverter that is the core of the grid-connected PV system, but its controller parameters are
not easy to be obtained [29]. The identification based on measured data [30,31] is one of the feasible
means to obtain parameters, which is an important link in standardized modeling. The appropriate
disturbance signals should be chosen for parameter identification [29]. The single disturbance excitation
method has been applied [32,33], but it lacks verification for various operating conditions.

Compared with previous studies, this paper is innovative in the following aspects:

(i) The specific harmonic in the grid current and DC bus voltage was eliminated by the combination
of the notch filter and PR controller based on the harmonic analysis, which is beneficial to improve
the output power quality.

(ii) The influence of inverter controller parameters on the transient process and the steady-state
value was obtained through sensitivity analysis, which could guide the process of
parameter identification.

(iii) A disturbance setting suitable for parameter identification of the inverter controller considering
LVRT capability was proposed.

(iv) The optimal algorithm was selected through the parameter identification comparison of several
heuristic algorithms, and the sensitivity analysis was verified. The strategy of identifying
high-sensitivity parameters through ADE (i.e., adaptive differential evolution) algorithm could
reliably obtain the controller parameters. The parameters of the actual PV power station were
identified based on the measured data.

The organization of this paper is as follows. The harmonic analysis of the grid current is presented
in Section 2. The inverter control model is built in Section 3. The influence of parameters perturbation
of the inverter controller on the transient process and steady-state value of the system is obtained
based on the sensitivity analysis in Section 4. Section 4 also proposes the optimal algorithm of PV
inverter controller parameters. The results and discussion are presented in Section 5.

2. Analysis of Grid-connected PV System

2.1. PV Array Model

Figure 1 shows the equivalent model of the PV cell.
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Figure 1. Equivalent model of the photovoltaic (PV) cell.

In Figure 1, U and I are the output voltage and current of PV cells, respectively. RL is the load
resistance. RS and Rsh are the equivalent series resistance and parallel resistance of the PV cell,
respectively. The Id is the reverse saturation current of the diode. ISC is the current source current.

The output characteristic of the PV cell is expressed as follows:

I = Isc − Id(e
q(U+IRs)

AkT − 1) −
U + IRs

Rsh
(1)

where q is the electron charge with the value of 1.602 × 10−19 C, a is the constant of a PN junction curve
(i.e., 1 ≤ a ≤ 2), and K is the Boltzmann constant with the value of 1.38 × 10−32 J/K.

Since Rsh is large, ignoring the (U + IRs)/Rsh term in Equation (1) results in:

I = Isc −C1Isc(e
U

C2Uoc − 1) (2)

where C1 = (1− Im
Isc
)e−

Um
C2Uoc and C2 = (Um

Uoc
− 1)/ln(1− Im

Isc
) under standard working conditions.

Under general working conditions, the parameter expression is obtained by Equation (3).

∆T = T − Tre f
∆G = G

Gre f
− 1

U′oc = Uoc(1− c∆T) ln(e + b∆G)

I′sc = Isc
G

Gre f
(1 + a∆T)

U′m = Um(1− c∆T) ln(e + b∆G)

I′m = Im
G

Gre f
(1 + a∆T)

(3)

In Equation (3), the typical values of correction factors, namely, a, b, and c are 0.0025, 0.5,
and 0.00288, respectively. The PV array is composed of a series and parallel connection of the PV
cell model.

2.2. Power Flow Analysis of the PV Inverter

According to Kirchhoff’s voltage and current laws, the mathematical model of the three-phase PV
inverter in the two-phase synchronous rotating coordinate system under asymmetric grid faults is
given by: 

U+
d = e+d + L

di+d
dt + Ri+d +ωLi+q

U−d = e−d + L
di−d
dt + Ri−d −ωLi−q

U+
q = e+q + L

di+q
dt + Ri+q −ωLi+d

U−q = e−q + L
di−q
dt + Ri−q +ωLi−d

(4)
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where ‘+’ and ‘−’ represent the positive and negative-sequence components of the grid voltage and
grid current, respectively.

According to the mathematical model of grid-connected PV inverter and Equation (4), the equation
for DC power balance without considering the loss of the PV inverter under asymmetric faults is
expressed as:

CUdc
dUdc

dt
= PPV − P (5)

The instantaneous complex power output of PV inverter under asymmetric faults can be
expressed as:

Sg =
3
2

.
Uαβ

.
Iαβ =

3
2
(e jω

.
U

+

dq + e− jω
.

U
−

dq)(e
jω

.
I
+

dq + e− jω
.
I
−

dq) (6)

By combining Equations (5) and (6), the Equation (7) is obtained:

CUdc
dUdc

dt
= PPV − [P0 + Pc2 cos(2ωt) + Ps2 sin(2ωt)] (7)

As can be seen from Equation (7), when the asymmetrical fault occurs, the double fundamental
frequency fluctuation of active power will cause the DC side capacitor of the inverter to be frequently
charged and discharged. This causes the DC bus voltage fluctuation and affects the stability of the
power system.

2.3. Harmonic Analysis of Grid Current

Based on the symmetrical component theory, the harmonic components of the grid current for
asymmetry fault are analyzed in a synchronous rotating coordinate system. Figure 2 shows the spatial
vector relationship of dq+ and dq− in the αβ stationary coordinate system. The superscript "+" and
"−" represent the positive and negative rotating coordinate systems, respectively. F represents the
generalized voltage and current vectors.

Energies 2020, 13, x FOR PEER REVIEW 4 of 23 

 

2.2. Power Flow Analysis of the PV Inverter 

According to Kirchhoff’s voltage and current laws, the mathematical model of the three-phase 

PV inverter in the two-phase synchronous rotating coordinate system under asymmetric grid faults 

is given by: 

d

d d d q

d

d d d q

q

q q q d

q

q q q d

di
U e L Ri Li

dt

di
U e L Ri Li

dt

di
U e L Ri Li

dt

di
U e L Ri Li

dt











   



   



   



   


   




   


    




   

 (4) 

where ‘+’ and ‘−’ represent the positive and negative-sequence components of the grid voltage and 

grid current, respectively. 

According to the mathematical model of grid-connected PV inverter and Equation (4), the 

equation for DC power balance without considering the loss of the PV inverter under asymmetric 

faults is expressed as: 

dc

dc PV

dU
CU P P

dt
   (5) 

The instantaneous complex power output of PV inverter under asymmetric faults can be 

expressed as： 

3 3
( )( )

2 2

j j j j

g dq dq dq dqS U I e U e U e I e I   

 

          (6) 

By combining Equations (5) and (6), the Equation (7) is obtained: 

0 2 2[ cos(2 ) sin(2 )]dc
dc PV c s

dU
CU P P P t P t

dt
      (7) 

As can be seen from Equation (7), when the asymmetrical fault occurs, the double fundamental 

frequency fluctuation of active power will cause the DC side capacitor of the inverter to be 

frequently charged and discharged. This causes the DC bus voltage fluctuation and affects the 

stability of the power system. 

2.3. Harmonic Analysis of Grid Current 

Based on the symmetrical component theory, the harmonic components of the grid current for 

asymmetry fault are analyzed in a synchronous rotating coordinate system. Figure 2 shows the 

spatial vector relationship of dq+ and dq− in the  stationary coordinate system. The superscript "+" 

and "−" represent the positive and negative rotating coordinate systems, respectively. F represents 

the generalized voltage and current vectors. 

 

Figure 2. Vector diagram of the positive and negative synchronous rotation coordinates.

In the case of asymmetric grid faults, the coordinate transformation relationship between the
variables of the system can be expressed as:

F+
dq = Fαβe− jωt

F−dq = Fαβe jωt

F+
dq = F−dqe− j2ωt

F−dq = F+
dqe j2ωt

(8)


Ua

Ub
Uc

 =
√

2
3


cosωt cos(ωt− 120◦) cos(ωt + 120◦)
− sinωt − sin(ωt− 120◦) − sin(ωt + 120◦)

1
√

2
1
√

2
1
√

2




Ud
Uq

U0

 (9)



Energies 2020, 13, 3972 5 of 23

According to Equation (8), the positive and negative sequence components of the variables in the
positive and negative rotation coordinate system under asymmetric grid faults are shown as: Udq = U+

dqp + U−dqn = U+
dqp + U+

dqne− j2ωt

Idq = I+dqp + I−dqn = I+dqp + I+dqne− j2ωt (10)

where the subscripts p and n represent positive and negative sequence components, respectively.
According to Equations (9) and (10), it can be known that under the asymmetric fault of the

power grid, the grid voltage and grid current have the double fundamental frequency fluctuation in
the positive and negative rotating coordinate system. The grid voltage has the triple fundamental
frequency fluctuation, and the grid current also has the triple frequency fluctuation. Supposing only
harmonic components that are integer multiples of the fundamental wave are considered, the grid
voltage and grid current are shown in Equation (11).

UA =
∞∑

k=1
Ukm sin(kωt)

UB =
∞∑

k=1
Ukm sin

[
k(ωt− 2π

3 )
]

UC =
∞∑

k=1
Ukm sin

[
k(ωt + 2π

3 )
] and



IA =
∞∑

k=1
Ikm sin(kωt + Φk)

IB =
∞∑

k=1
Ikm sin

[
k(ωt− 2π

3 ) + Φk
]

IC =
∞∑

k=1
Ikm sin

[
k(ωt + 2π

3 ) + Φk
] (11)

Assuming that the grid voltage and grid current have no harmonic components, it can be known
from the analysis in Section 2.2 that the DC bus voltage contains the double fundamental frequency
component. Ũdc is the ripple of the DC bus voltage shown in Equation (12).

Ũdc =
Ps2

2CωUdc
cos(2ωt) −

Pc2

2CωUdc
sin(2ωt) (12)

For the inverter adopting dual-loop control, the d-axis reference value of the grid current is shown
in Equation (13).

Idre f = (KPU +
KIU

s
)(U∗dc −Udc − Ũdc) = (KPU +

KIU
s

)[U∗dc −Udc −
Ps2

2CωUdc
cos(2ωt) −

Pc2
2CωUdc

sin(2ωt)] (13)

According to Equation (13), there is the double fundamental frequency fluctuation in the d-axis
reference value Idref of the grid current. There is triple fundamental frequency fluctuation in the grid
voltage and current after modulation, as U3m , 0 and I3m , 0. Without considering the fluctuation of
the grid voltage and current caused by the negative sequence component, the double fundamental
frequency component of Idref also causes the ripple fundamental frequency fluctuation of the grid
current. The mutual influence between harmonic voltage and harmonic current is ignored, and the
decomposition of “UAIA” is taken as an example. According to Equation (11), the instantaneous active
power can be expressed by Equation (14).

P = UAIA + UBIB + UCIC

= 1
2 Uk1Ik1 cos(Φ1) −

1
2 Uk1Ik1 cos(2ωt + Φ1) + Uk1

∞∑
k=2

Ikm sin(kωt + Φk) sin(ωt)

+ Ik1
∞∑

k=1
Ukm sin(kωt) sin(ωt + Φ1) + UBIB + UCIC

(14)

According to Equations (5) and (14), the DC bus voltage will appear in second and fourth
harmonics because of the second and fourth harmonics in instantaneous active power. The reference
value for the d-axis component of the grid current will appear in the 4th harmonic caused by the 3rd
harmonic of the grid current. Therefore, the grid current will appear in the fifth harmonic. By analogy,
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the grid current has 3rd, 5th, 7th, and other low-order harmonics, and the DC bus voltage has 2nd, 4th,
6th, and other low-order harmonics.

3. Control Model for PV Inverter

The negative sequence voltage feedforward control method can suppress the negative sequence
component under asymmetric faults, but there are still a large number of harmonics in the grid current
and DC bus voltage, resulting in the fluctuation of several output variables [34,35] in the LVRT process.
Therefore, it is necessary to filter out these harmonics, as well as to suppress the fluctuations of voltage,
active, and reactive power simultaneously.

According to the analysis in Section 2.3, the grid current has odd harmonics, and the DC bus
voltage has even harmonics under the conventional dual-loop control strategy when asymmetrical
grid faults occur. The notch filter can eliminate the specific harmonics of the DC bus voltage. The PR
controller is applied to eliminate the low-order harmonics of the grid current caused by the asymmetric
faults. The outer-loop and inner-loop control model of the inverter is constructed by combining the
notch filter and the PR controller. The improved model is used to achieve the purpose of DC bus
voltage fluctuation and power fluctuation suppression.

3.1. Overall Control Model

Figure 3 shows the overall model of inverter control under grid faults. In Figure 3, The MPPT
(i.e., maximum power point tracking) module is designed for the maximum power point tracking
control. The DSOGI-PLL (i.e., double second order generalized integrator phase locked loop) module
is designed to separate positive and negative sequence components and obtain the accurate phase.
The SVPWM (i.e., space vector pulse width modulation) module is designed to generate drive signals.
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Figure 3. Model of the inverter control.

The output Ug of the grid voltage amplitude calculation module is used to judge that the grid
voltage is normal or not. The voltage loop outputs the active current reference value Idref, and the
reactive current reference value Iqref is zero during the normal operation.

The inverter control with reactive power priority is adopted in the case of grid voltage sags, which
stops the MPPT control. When the new reference value is obtained through the active and reactive
current reference value calculation module, the active power and reactive power input to the grid can
be redistributed.
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3.2. Grid Code for LVRT

The PV system should provide reactive power support under grid faults according to the
requirements of the grid code [36]. The German grid codes are shown in Figures 4 and 5.
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The PV generation system tracks the voltage changes at the grid connection point during the fault,
and it should output a certain amount of reactive current to maintain the voltage. At this time, the reference
value of the reactive and active current can be calculated according to Equations (15) and (16).

i∗qre f =


Iq = 0, Ug ≥ 0.9 p.u.

Iq = λ(1−Ug)IN, (1− 1
λ ) p.u. ≤ Ug ≤ 0.9 p.u.

Iq = IN, 0 ≤ Ug ≤ (1− 1
λ ) p.u.

(15)

i∗dre f = min(Idre f ,
√

I2
max − i∗2qre f ) (16)

where λ ≥ 2, IN is the rated current of the inverter, and Imax is the allowable maximum current.

3.3. Voltage Sag Fault Detection

Considering the voltage sag fault detection, the three-phase voltage can be expressed as:

Uabc = U f
abc + Uh

abc = U f _s
abc −U f _c

abc + Uh
abc (17)

where f represents the fundamental component, and h represents the harmonic component. s is the
steady-state component, and c is the compensation component.

In this paper, the method of Kalman filter [37] for voltage sag detection can accurately detect the
voltage sag amplitude under the influence of harmonics, which has strong robustness.
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The amplitude of the fundamental wave of grid voltage is calculated as follows:

Ug =

√√√
(X f

α)
2
+ (X f

β)

2

2

(18)

where X is the estimated value of the Kalman filter.
The voltage drop detection model is formed together with the positive and negative sequence

separation module [38] and a positioning module [39]. The position module includes a mathematical
morphology filter (MMF) and a grille fractal (GF). Figure 6 shows the voltage sag detection model.
Figure 7 shows the fundamental signal detected under a voltage sag of 50%.
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3.4. Outer-Loop and Inner-Loop Controls of the PV Inverter

Figure 8 shows the outer-loop and inner-loop control block diagrams of the inverter controller.
The outer-loop control eliminates the 2nd, 4th, 6th harmonic components by adding a notch filter

to the DC bus voltage feedback Udc under grid faults. It further reduces the fluctuation of DC bus
voltage by feeding the instantaneous current forward at the DC side. The reference value of the active
output current is shown in Equation (19).

Idre f =

 (KPU + KIU
s )(U∗dc −Udc·G′(s)) +

P∗
Udc

Ug < Th2

(KPU + KIU
s )(U∗dc −Udc·G′(s)) Ug ≥ Th2

where G′
(S) = (

s2+ω2
2

s2+Kω2
2s+ω2

2
)(

s2+ω2
4

s2+Kω2
4s+ω2

4
)(

s2+ω2
6

s2+Kω2
6s+ω2

6
)

(19)

where P*/Udc is the feed-forward values of instantaneous current at the DC side, and Th2 is 0.9. K =

1/Q, and Q is the quality factor.
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where P*/Udc is the feed-forward values of instantaneous current at the DC side, and Th2 is 0.9. K = 

1/Q, and Q is the quality factor. 
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The influence of the parameter error of notch filter on the overall system is analyzed in Figure 9.
The sensitivity analysis method is used. The parameter perturbation is 5%, the disturbance is set at
0.1 s, and the grid voltage drops to 0.4 per unit (pu). The sensitivities of the parameter error to active
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The average trajectories sensitivity of P with a unit of kW, Q with a unit of kVar, Udc with a unit of
V, UA with a unit of V, and IA with a unit of A is 0.192, 0.110, 0.002, 0.002, and 1.550, respectively. It can
be seen from the trajectory sensitivity analysis that parameter error of K has an obvious influence on P,
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Q, Udc, and entire influence on AC voltage and current. The AC current has the most effect on the
current ripple. Therefore, a proper setting of K is conducive to the stable operation of the PV system.

The inner-loop suppresses the negative sequence component of the grid voltage by controlling the
negative sequence component of the voltage to zero when the grid voltage is unbalanced. However,
there are low-order harmonics in the grid current under this control strategy, and the low-order
harmonics, such as 3rd, 5th, and 7th, are significant. In this paper, the PR controller is used for
harmonic suppression.

Compared with the proportional-integral (PI) controller, the gain of the inner-loop PR controller
is much larger, and it is easier to extract the signal characteristics of the resonant frequency, so as to
realize the control without steady-state error. The PR controller cannot only ensure the good power
quality of the grid current but also help to decrease the power fluctuation. Its transfer function is
shown in Equation (20).

GPR(s) = KPI +
2KRIs

s2 +ω2
0

+
∑

h=2,4,6

KRhs

s2 + (hω0)
2 (20)

In the engineering process, a low-pass filter is usually used to replace the pure integration link in
the PR controller to improve the anti-interference performance and system stability. Figure 10 shows
the amplitude-frequency and phase-frequency characteristic curves of the transfer function of the
quasi-PR controller. Its transfer function, with harmonic suppression control, and simplified function
are expressed as:

G′PR(s) = KPI +
2ωc(s+ωc)

s2+2ωcs+ω2
c+ω

2
0
KRI +

∑
h=2,4,6

2KRhωch(s+ωch)

s2+2ωchs+ω2
ch+(hω0)

2

G′PR(s) = KPI +
2ωcs

s2+2ωcs+ω2
0
KRI +

∑
h=2,4,6

2KRhωchs
s2+2ωchs+(hω0)

2 while ωc,ωch � ω0
(21)
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By using the PR controller and negative sequence voltage feedforward control, the inner-loop
mathematical model can be expressed as: Ud = u+

d + G′PR(s)(i
∗

dre f − id) −ωL2iq − u−d
Uq = u+

q + G′PR(s)(i
∗

qre f − iq) −ωL1id − u−q
(22)

From Equation (22) and Figure 8, the negative sequence component of feed-forward grid voltage
is offset with the negative sequence component of inverter output voltage under asymmetric faults for
the inner-loop control.
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4. Parameter Identification

4.1. Parameter Identification Process

Both the outer-loop parameters (i.e., KPU and KIU) and the inner-loop parameters (i.e., KPI and
KRI) have a great influence on the output power. They are selected for identification. The ADE, GA (i.e.,
genetic algorithm), FPA (i.e., flower pollination algorithm), PSO (i.e., particle swarm optimization),
CPSO (i.e., chaos particle swarm optimization) [40], BBO (i.e., biogeography-based optimization),
and ALO (i.e., ant lion optimization) algorithms are selected to identify the parameters in the
established PV generation system model. The ADE algorithm has strong global and local search
abilities. The adaptive mutation operator was introduced to avoid premature convergence as follows:

F = F0 × 2τ, τ = e1− Gm
Gm+1−G (23)

where F is the scaling factor, and F0 is the mutation rate. In this paper, F0 = 0.5.
Figure 11 shows the schematic of controller parameter identification.
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The fitness function J is defined as:

J =
1
n

 n∑
k=1

[Ud(k) −U′d (k)]
2 +

n∑
k=1

[Uq(k) −U′q(k)]
2

 (24)

4.2. Sensitivity Analysis on Controller Parameters

The sensitivity analysis [41] is performed on the parameters of the inverter controller to obtain the
parameter identifiability. The trajectory sensitivity is expressed as:

∼

Gk = lim
∆a j→0

[
yi(a1, . . . a j + ∆a j, . . . am, t) − yi(a1, . . . a j − ∆a j, . . . am, t)

]
/yi0

2∆a j/a j0
(25)

In order to compare the trajectory sensitivity of each parameter, the average value of the absolute
value of sensitivity is calculated as the sensitivity index, that is:

Hij =
1
k

K∑
k=1

∣∣∣∣∣ ∼Gk

∣∣∣∣∣ (26)

where k is the total number of points for trajectory sensitivity.
The setting of the inner-loop and outer-loop parameters of the inverter controller has an important

influence on the dynamic and static characteristics of the system. The initial value of the output is 1 per
unit (pu). When the disturbance occurs at 0.1 s, the voltage sag of phase A is 60%, and it lasts for 0.1 s.
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The simulation is carried out under the condition that the inner-loop and outer-loop parameters are
perturbed by 1% and 5%, respectively. The trajectory sensitivity analysis takes the Id as an example,
and the sensitivity curves are recorded in Figure 12, and the results of the sensitivity analysis are
recorded in Table 1.
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Table 1. The result of the sensitivity analysis of parameter.

Parameter
Sensitivity Index Terminal Value Id

Disturbances of ±1% Disturbances of ±5% Disturbances of ±1% Disturbances of ±5%

KPI 0.011495 0.011654 1.067324/1.067162 1.067279/1.066989
KRI 0.009406 0.009517 1.067011/1.066916 1.066982/1.067131
KPU 0.002546 0.002653 1.067043/1.067015 1.067836/1.068014
KIU 0.000545 0.000604 1.067157/1.066861 1.066882/1.066643

Parameter
Terminal Value Iq Terminal Value Udc

Disturbances of ±1% Disturbances of ±5% Disturbances of ±1% Disturbances of ±1%

KPI 1.034561/1.030714 1.040867/1.029032 1.003369/1.003442 1.003229/1.003156
KRI 1.029934/1.025226 1.032258/1.036151 1.003422/1.003455 1.003445/1.003313
KPU 1.036331/1.034835 1.033091/1.034272 1.003295/1.003437 1.002558/1.003027
KIU 1.032258/1.036151 1.035354/1.037577 1.003229/1.003156 1.003319/1.003560

Parameter
Terminal Value P Terminal Value Q

Disturbances of ±1% Disturbances of ±5% Disturbances of ±1% Disturbances of ±5%

KPI 0.994143/0.994477 0.994720/0.994523 1.030622/1.025733 1.038964/1.024035
KRI 0.994261/0.993694 0.994068/0.994033 1.024949/1.020192 1.027286/1.031219
KPU 0.994582/0.994320 0.995425/0.994757 1.031489/1.029887 1.028135/1.029323
KIU 0.994720/0.994523 0.994198/0.993845 1.027286/1.031219 1.030419/1.032668

It can be seen from Figure 12 and Table 1 that after the occurrence of voltage sag, the sensitivity
fluctuation amplitude of the inner-loop parameters is larger than that of outer-loop parameters.
The trajectory sensitivity value for the perturbation of KPI is the largest of the four parameters,
so adjusting the inner-loop proportion coefficient has the greatest influence on the system.

It can also be seen from Table 1 that under the perturbation of both 1% and 5%, the sensitivity
index of KPI is the highest among the four parameters, indicating that it has the greatest impact on
the system transient process. The sensitivity index follows KPI > KRI > KPU > KIU. The parameter
perturbation influence on the terminal value of Iq and Q is greater than that of Id and P. Under the
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perturbation of KPI, the variable terminal values deviate largest, and the influence of the perturbation
of KRI is less. The parameters of KPU and KIU have less influence on the variable terminal values.

In summary, the impact of KPI has a larger effect under deeper parameter disturbance. The trajectory
sensitivity of KIU is the lowest, so it is not easy to identify. Therefore, KIU is calculated by the analytical
method to improve identification efficiency.

4.3. Parameter Identification Results

In the MATLAB 2018a (MathWorks, Natick, MA, USA) environment, the different algorithms are
used to identify the controller parameters of the grid-connected inverter. The algorithms are identified
for many times, and the identification results are shown in Figures 13 and 14.
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It can be seen from Figures 13 and 14 that the initial convergence rate of ADE and FPA algorithm
is better, but the final identification accuracy of the FPA algorithm is poor. In general, the FPA, PSO,
CPSO, ALO, and BBO algorithms have lower identification accuracy compared with GA and ADE
algorithms. Although GA and ADE algorithms have similar identification accuracy, the parameter
identification results differ obviously. This is because there are suboptimal values for outer-loop
parameters. For identification time, TFPA > TADE > TCPSO > TGA > TPSO > TALO > TBBO. If the
requirement of identification accuracy is not high, the ALO and BBO algorithms can be used as fast
identification methods. The ADE algorithm has better initial convergence speed and identification
accuracy, which is selected for parameter identification. In addition, the identification effect of the
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above algorithms is the worst for KIU and best for KPI, which proves the results of the sensitivity
analysis. Therefore, KIU can be calculated by the analytical method.

The model runs under steady-state conditions, and the PV modules operate under standard test
conditions (i.e., S = 1000 W/m2, T = 25 ◦C). The disturbances are set as:

(a) It is assumed that the voltage sag occurs in phase A at 0.1 s, and the grid voltage drops to 0.4 pu.
The fault is removed at 0.3 s.

(b) It is assumed that the voltages drop to 0.4 pu in phase B and phase C at 0.1 s, and then the fault is
removed at 0.3 s.

(c) It is assumed that when the system runs stably to 0.1 s, a three-phase voltage drop occurs, and the
grid voltage drops to 0.4 pu. The fault is removed at 0.3 s.

The controller parameter values of a grid-connected inverter are determined by the system
amplitude margin, phase margin, and cut-off frequency [42]. In the process of iteration, it should be
judged whether the individual satisfies the boundary conditions of the solution space to ensure the
validity of the solution; otherwise, the individual is regenerated by a random method. The boundary
conditions and reference values are set in Table 2.

Table 2. Solution space boundary condition and reference value.

Parameter XMIN XMAX Reference Value

KPU 0 100 6.7
KPI 0 10 0.9
KRI 0 150 10

According to the sensitivity analysis and multi-algorithm identification results, the ADE algorithm
is used to identify the inner-loop parameters (KPI, KRI) and outer-loop parameter (KPU). Table 3 shows
the parameter identification results.

Table 3. Parameter identification results under ADE algorithm.

Parameter Single-Phase Two-Phase Three-Phase

KPU
Identification 6.6959 6.6941 6.6659
Error rate/% 0.0612 0.0881 0.5089

KPI
Identification 0.9000 0.9002 0.8998
Error rate/% 0.0000 0.0222 0.0222

KRI
Identification 10.0000 10.0009 10.0919
Error rate/% 0.0000 0.0090 0.9190

Fitness value 2.7 × 10−13 2.5 × 10−12 1.2 × 10−11

According to Table 3, the identification results are good under each working condition. The other
three parameters can be identified more accurately if the KIU parameter is obtained firstly. It can
also be seen from the fitness values in Table 3 that the identification accuracy is higher in the case of
single-phase voltage sag.

Figure 15 shows the simulation and tested curves of the model under phase A voltage sag.
The results show that the simulation curves are consistent with the tested curves, and the simulation
errors are small, which verifies the validity and rationality of the established model and its parameter
selection. Good results have been achieved under the other working conditions, and the model
parameters can be obtained effectively.
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4.4. Measurement Identification of the PV Plant

To further verify the adaptability of the model and parameters, the disturbance tests of the inverter
are performed on PV power stations, including active and reactive power step disturbances. Table 4
shows the parameter settings of the established model for the actual PV generation system.

Table 4. Simulation parameters of the actual PV generation system.

Parameter Meaning of Parameter Value

Prated Rated power 0.5 MW
Udc DC bus voltage 900 V
UPV PV cell voltage 85.3 V
IPV PV cell current 6.09 A
C DC side capacitance 14.4 mF
L1 Filter inductance 240 mH
L2 Filter inductance 60 mH
f Switching frequency 1.228 kHz

According to the light conditions during the test, the active output power of the inverter is limited
to 517 kW. The active power setting value of the inverter is changed about ±10% of the rated power,
and then the voltage, current, and power changes of the inverter’s AC side are recorded. Figure 16
shows the dynamic output curves under the same conditions compared with measured data.

Energies 2020, 13, x FOR PEER REVIEW 15 of 23 

 

 
        (a) 

 

 
        (b) 

 

 
        (c) 

Figure 15. Comparison between simulation and tested curves under phase A voltage sag: (a) 

Simulation and tested curves of phase A; (b) Simulation and tested curves of d axis current; (c) 

Simulation and tested curves of q axis current. 

4.4. Measurement Identification of the PV Plant 

To further verify the adaptability of the model and parameters, the disturbance tests of the 

inverter are performed on PV power stations, including active and reactive power step disturbances. 

Table 4 shows the parameter settings of the established model for the actual PV generation system. 

Table 4. Simulation parameters of the actual PV generation system. 

Parameter Meaning of Parameter Value 

Prated Rated power 0.5 MW 

Udc DC bus voltage 900 V 

UPV PV cell voltage 85.3 V 

IPV PV cell current 6.09 A 

C DC side capacitance 14.4 mF 

L1 Filter inductance 240 mH 

L2 Filter inductance 60 mH 

f Switching frequency 1.228 kHz 

According to the light conditions during the test, the active output power of the inverter is 

limited to 517 kW. The active power setting value of the inverter is changed about ±10% of the rated 

power, and then the voltage, current, and power changes of the inverter's AC side are recorded. 

Figure 16 shows the dynamic output curves under the same conditions compared with measured 

data. 

 
(a) 

 
(b) 

 
(c) 

 
(d) 

Figure 16. Measured identification curve of inverters under a step disturbance of active power: (a) 

AB phase voltage; (b) A phase current; (c) Active power; (d) Reactive power. 
Figure 16. Measured identification curve of inverters under a step disturbance of active power: (a) AB
phase voltage; (b) A phase current; (c) Active power; (d) Reactive power.



Energies 2020, 13, 3972 16 of 23

It can be seen from Figure 16 that when the active power step disturbance occurs, the phase
voltage Uab remains stable, while the phase A current and active power decrease with the disturbance.
The parameters are identified with the measured data in other test conditions, and the results are
consistent with the measured data, which proves the accuracy and effectiveness of the model under
the disturbance.

5. Results and Discussion

To further verify the applicability of proposed control and parameter optimization, a simulation
model of a 250 kW grid-connected PV generation system is built upon the Matlab/Simulink (version
2018a, MathWorks, Natick, MA, USA) simulation platform. The parameters of the established model
are listed in Table 5.

(a) It is assumed that when the system operates steadily at 0.1 s, the voltage sag occurs in phase A,
and the grid voltage drops to 0.4 pu (i.e., condition One). The fault is removed at 0.3 s.

(b) Different from condition One, the voltages drop to 0.4 pu in phase B and phase C at 0.1 s, and the
fault is removed at 0.3 s for condition Two.

Table 5. Simulation parameters.

Parameter Meaning of Parameter Value

Prated Rated power 0.25 MW
Udc DC bus voltage 580 V
Um Voltage at maximum power 72.6 V
Im Current at maximum power 5.69 A

Uoc Open circuit voltage 85.3 V
Isc Short-circuit current 6.09 A
m Serial number 7
n Parallel number 88
C DC side capacitance 1500 µF
LF Inductor of the boost converter 10 mH
L Filter inductor 0.5 mH
f Switching frequency 1.228 kHz

KPU Proportional coefficient of voltage loop 6.7
KIU Integral coefficient of voltage loop 44.5
KPI Proportional coefficient of current loop 0.9
KRI Resonant coefficient of current loop 10
KRh Resonant coefficient in harmonics suppression control 22
ωc Cut-off frequency at fundamental frequency π rad/s
ωch Cut-off frequency at h times fundamental frequency π × h rad/s

Figures 17 and 18 show the operating characteristics of three control modes under each working
condition. The control modes are shown in Table 6.

Table 6. The control modes for simulation operation.

Control Modes Descriptions

Strategy One
The traditional voltage and current dual-loop control strategy is adopted, and the

PI (proportional-integral) controller is used for both outer and inner loops.
This strategy does not contain asymmetric fault control.

Strategy Two
The negative sequence voltage feedforward control is adopted in the inner-loop,

and a notch filter is added to the DC bus voltage feedback to eliminate harmonics
in the outer-loop. The PI controller is used for both outer and inner loops.

Strategy Three The PR (proportional-resonant) controller with harmonic suppression is adopted in
the inner-loop, and the other control strategies are the same as strategy Two.
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It can be seen that under two different working conditions, the grid voltage imbalance is more
severe in Figure 18. From Figures 17a and 18a, the DC bus voltage increases rapidly at the moment
of the grid fault under the traditional PI control strategy (i.e., strategy One), destroying the safe and
stable operation. It responds to the fault immediately under strategy Three, and the overall fluctuation
of DC bus voltage is small.

From Figure 17b,c, the active and reactive power of strategy One fluctuate dramatically when the
grid voltage is unbalanced. The negative sequence voltage feedforward control based on the notch filter
and the PI controller (i.e., strategy Two) reduces the power fluctuation, but the output power waveform
still fluctuates more significantly compared with that of strategy Three. The power fluctuations are
relatively stable by using the improved negative sequence voltage feedforward control based on the
notch filter and the PR controller (i.e., strategy Three). Figure 18b,c show that the power fluctuations
are more significant due to the increase of the imbalance degree. From Figures 17d and 18d, the output
current is effectively limited within 1.1 pu, which avoids overcurrent impulse.
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Figure 17. Operating characteristics and waveforms in case of phase A voltage sag under different
control strategies: (a) DC bus voltage; (b) Active output power of the inverter; (c) Comparison of output
reactive power of inverter; (d) Grid current under strategy Three; (e) The THD (i.e., total harmonic
distortion) of grid current under strategy One; (f) The THD of grid current under strategy Three;
(g) Harmonic currents under strategy One and strategy Three.
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Figure 18. Operating characteristics and waveforms in case of phase B and phase C voltage sags under
different control strategies: (a) DC bus voltage; (b) Active output power of the inverter; (c) Reactive
output power of inverter; (d) Grid current under strategy Three; (e) The THD of grid current under
strategy One; (f) The THD of grid current under strategy Three; (g) Harmonic currents under strategy
One and strategy Three.

From Figures 17e and 18e, the total harmonic distortion (THD) of the grid current is larger under
strategy One, and the harmonics contents, such as 3rd, 5th, and 7th, are high. The third harmonic
is 13.6% and 16%, respectively, under two working conditions. Figure 17f,g and Figure 18f,g show
that the 3rd, 5th, and 7th harmonic components of grid current under strategy Three are significantly
reduced, and the current THD is controlled within 5%. The entire system with strategy Three improves
the power quality in the case of grid voltage sags, which also has a smooth transition before, during,
and after the faults, improving the dynamic control performance.

Figure 19 shows the operating characteristics of the proposed model under strategy Three,
while the power grid suffers symmetrical faults. The three-phase voltage drops to 0.4 pu at 0.1 s,
and the fault is removed at 0.3 s. The results show that the grid current amplitudes and THD values are
restricted within safe limits. Due to the reactive power support during voltage sag, the grid-connected
PV system can operate safely and stably. Therefore, the established model can also satisfy the LVRT
requirements under the symmetric grid fault.
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Figure 19. Operating characteristics and waveforms in case of three-phase voltage sag under strategy
Three: (a) DC bus voltage; (b) Active and reactive output power of the inverter; (c) Grid current;
(d) The THD of grid current.

Figure 20 shows the influence of parameter identification on the control effect. Based on the
identification results, a −5% error is set for KPI, KRI, KPU, KIU, respectively. Here, the simulation results
of ±5% error under different working conditions are similar, so the experimental results under −5%
error in case of phase A voltage sag are analyzed. It can be seen from Figure 20 that the errors of
KPI, KRI, KPU have a great influence on the output curve of the PV system, and the error of KIU has
little influence. The DC bus voltage, active power, and reactive power will fluctuate, and the AC
side over-current will occur in the LVRT process if KPI, KRI, or KPU cannot be identified accurately.
According to the obtained identification results, the PV system can operate stably under strategy Three.
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6. Conclusions

This paper proposed an improved method of modeling and parameter optimization without
complicated control. According to the trajectory sensitivity analysis and multi-parameter identification
performance comparison, the strategy of identifying high-sensitivity parameters through the ADE
algorithm could reliably obtain the controller parameters based on the measured data. The response of
the proposed method was compared with the PI control strategy, and the effect of the PR controller on
power fluctuation suppression was demonstrated. The proposed model ensured the stability of the
DC bus voltage and the output power of the PV generation system under asymmetric grid faults and
effectively suppressed the harmonics of the grid current. It was conducive to the smooth transition of
the power grid during the period of LVRT.

The simulation results verified the feasibility of the grid-connected PV generation system under
asymmetric and symmetric faults. The proposed model and parameter identification method lay a
foundation for building a high-reliability transient equivalent model of the PV generation system
during grid faults.
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Nomenclature

δ Index for d-q rotation reference frame
Uδ d-q axis component of the inverter output voltage (V)
eδ d-q axis component of the grid voltage (V)
iδ d-q axis component of the grid current (A)
C DC side capacitance (F)
L Filter inductance of output side of the inverter (H)
R Equivalent resistance of the line (Ω)
Udc DC capacitance-voltage (V)
ω Angular frequency of grid voltage (rad/s)
PPV, P Active output power of the PV array or inverter (W)



Energies 2020, 13, 3972 21 of 23

Uαβ, Iαβ Complex vector of the inverter output voltage or current in αβ stationary reference frame
P0 Fundamental component of the active output power of the inverter (W)
Pc2, Ps2 Cosine or sine amplitude of the active power double fundamental frequency fluctuation (W)
i∗
δre f d-q axis reference value of the grid current (A)

Ukm Amplitude of the fundamental and harmonic components of the grid voltage (V)
Ikm Amplitude of the fundamental and harmonic components of the grid current (A)
Φk Initial phase angle of grid current (rad)
Idref Reference value of the d-axis output current of outer-loop (A)
Ug Magnitude of grid voltage
ω0 Fundamental angular frequency of the power grid (rad/s)
ω2,ω4,ω6 Angular frequency of the 2nd, 4th, 6th harmonic (rad/s)
P* DC side instantaneous power (W)
U∗dc Reference value of DC bus voltage (V)
Ũdc Ripple of the DC bus voltage (V
Ūdc DC component of the DC bus voltage (V)
KPU, KIU Proportional or integral coefficient of the outer-loop PI controller
KPI, KRI Proportional or resonant coefficient of the inner-loop PR controller
Q Inverter output reactive power (Var).
Th2 Judgment value of whether voltage sags occur
G Current evolution algebra
Gm Maximum evolution algebra
U′δ Output of the inner-current loop controller tracking model (V)
S Irradiance under standard test condition (W/m2)
T Temperature (standard test condition) (◦C)
∼

Gk Sensitivity of the k-th trajectory at time t
yi Trajectory of the i-th variable
aj The j-th parameter
m Total number of parameters
aj0 Initial value of the j-th parameter
yi0 Initial values of the i-th variable
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